
Background
With a mission to help employers save money on 
healthcare by improving their members’ health, 
CareATC was the first in its sector to implement 
rules-based predictive analytics for member costs 
and health risks at an individual level.

To further improve predictive accuracy and the 
efficiency of its outreach programs, CareATC 
decided to explore artificial intelligence/machine 
learning (AI/ML) as an alternative to rules-based 
risk stratification.

Breaking the Rules
How CareATC Used ClosedLoop to Replace 
Rules-Based Risk Stratification With 
Machine Learning

Impact Summary

75%
of individuals for whom 
ClosedLoop’s predicted 
costs were more accurate 
than a rules-based system

30%
of unplanned hospital 
admissions correctly 
predicted by ClosedLoop in 
the top 5% by risk

2.3X
increase in identification 
of unplanned hospital 
admissions vs. baseline

About CareATC

Offers customized 
healthcare benefit 
solutions for employers

430,000
members under care

165
clients

26
U.S. states with a 
CareATC client

CASE STUDY

– Phil Bruns, Chief Technology Officer

We compared the ClosedLoop 
predicted spend to the spend 
predicted by a leading rules-based 
risk prediction engine and found 
that 75% of the time ClosedLoop was 
closer, and in most cases significantly 
closer, to the actual spend.



To learn more about the ClosedLoop platform, content library, and 
solutions, contact us at sales@closedloop.ai or visit www.closedloop.ai.

Make predictive AI/ML a core element of your care strategy.
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CASE STUDY

Challenge
CareATC previously used a leading third-party rules-based risk stratification system. 
In pursuit of its mission to continually improve the health of its clients’ members, 
CareATC wanted to build a new risk prediction model that could incorporate social 
determinants of health (SDoH) and other available data to improve predictive 
accuracy for costs and adverse events such as unplanned hospital admissions 
(UHAs). However, the scope of building out full-scale in-house capabilities for 
implementing custom AI/ML made it difficult to justify investment.

Solution
CareATC selected ClosedLoop’s AI/ML solution based on its healthcare content and 
expertise, ability to incorporate SDoH from public datasets, and history of fast time 
to value. With ClosedLoop, CareATC trained two models using historical data from 
CareATC members seen over a 12-month period. The first model predicts a member’s 
total costs over the next 6 months. The second model predicts the risk of a member 
having a UHA in the next 6 months. 

Results
The 6-month total costs predicted by the first AI/ML model and by the rules-based 
system were compared to actual costs for 1,200 members. The AI/ML-predicted cost 
was more accurate than the cost predicted by the rules-based system in 75% of cases.

Within the top 5% of an independent test dataset sorted by predicted risk, the 
second AI/ML model correctly predicted 30% of all UHAs. This model substantially 
outperformed the Charlson Comorbidity Index, which only predicted 13% of UHAs in 
the top 5%. When extrapolated to the full historical population, this amounts to an 
additional 573 UHAs predicted.

Looking Ahead
CareATC intends to move forward with deploying these models into care 
management workflows and evaluating their real-world impact. Once deployed, 
CareATC will be the first company in its sector to use AI/ML for risk stratification.

mailto:sales%40closedloop.ai?subject=
http://www.closedloop.ai
http://www.closedloop.ai

